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A New ICA A oritm Based on Nomalized K urtosis

CU 1 Zhitag WEN Jie- chang HU N an-hui
(Faculty of Applied M atham atics Guangdong University of Technobgy Guangzhou 510006 China)

Abstract The traditbnal appwach to grad ent to search for he cost functbn’ s extran e n the ndependent com po-
nent analysis was based on kurtosis The path we are looking for is crucial to the convegence of the akorithm. In
he Kuicnet akorithm, afier replacng he grad entof he cost functbnw ith its scalng we obtaned a new ICA ako-
ribm. A d psting the path of the gradient timely in the iterative process it acce krates the convergence The smula-
ton illistrates the effectveness
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